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Reterences Conclusion We propose two novel attacks, OOD and lenticular printing, and extensively evaluate them in both
[1] Evtimov et al., Robust physical-world attacks on machine learning models. CVPR 2018. virtual and real-world settings. We carry out experiments in white-box and black-box scenarios as well as against adversarially
[2] Athalye et al. Synthesizing robust adversarial examples. ICLR 2018. trained model and find that our OOD attacks succeed with high probability and cause misclassification with high confidence.




